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Data finns och skapas standigt runt oss

Big Data (three V's)

- Volume
- Velocity
- Variety
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Who is Cristofer?

LET'S PUT
OUR HEADS
TOGETHER.
TO KEEP
AHEAD.

Research manager, Goteborg EE

Associate Professor, Halmstad University

HOGSKOLAN
| HALMSTAD

Research interest: Al, Machine Learning, cooperative
and automated vehicles, behavior modelling, traffic
systems
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Volume -

Volume is how much data we have — what
used to be measured in Gigabytes is now
measured in Zettabytes (ZB) or even Yottabytes
(YB). The loT (Internet of Things) is creating
exponential.growth in data.
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Variety describes one of the biggest challenges
of big data. It can be unstructured and it can
include so many different types of data from
XML to video to SMS. Organizing the data in a
meaningful way is no simple task, especially
when the data itself changes rapidly.







2




- Volume: I\/Iasswe volum

Velocity: Graph search;-orN

it |I
H B |

CAN bus data, camera,ﬂlﬂ'_

derive mference model ;-.:u

~ abnormal _ e#ﬁiﬁgr_eal tﬂé

 Variety: From visualand.other types.of se
FG’PStraJec ories), timé-series to-traditior

.me“'dﬁ? ca*pa?le of ];I! C @ _

ﬁg— a—__..'_,




What we did
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— Data driven traffic management policy
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What we did
— Data driven traffic management policy

Analysis
: OISECINYIS : finding causes in
disturbances in >
event data
sensor data
Prediction

Disturbances, traffic

Event, weather, time > flow, planning of
maintenance

11 RISE — Mallpresentation
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What we did
— Freefloating car service analysis

Google

CAR
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What we did

Google

— Freefloating car service analysis CAR

Collect
data
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DriveNow

Data collection

Data alignment
Data cleaning

Data pre-processing
Data visualization
Data clustering




Free floating car sharing behaviour analysis

Business analytics
— How is the service used?
— How can the service be improved?
— Between where is the service used?

— Should the operator re-distribute vehicles?
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To organize, visualize, clear, model and draw conclusion
you often need data analytics skills on the PhD level

Education!
Tools!
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